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Gerundivization in Arabic: A computational Linguistic Study
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Keywords: Word degree, gerundivization, word frequency, keywords, word length, gerunds, score metric degree.
Abstract. This paper aims to extract keywords classed as gerunds from the heritage and contemporary Arabic
language. The Rapid Automatic Keyword Extraction algorithm (RAKE algorithm), which is based on automated
machine learning, was used for such purpose in Python. It then considers what distinguishes the gerund-classed
keywords in heritage Arabic from the gerund-classed keywords in contemporary Arabic based on the gerund
lengths, assuming the growth of gerund lengths in contemporary Arabic. | first extracted all keywords from the
heritage and contemporary Arabic language. The keywords intersected between the two eras were removed.
Afterwards, | tokenized and tagged keywords using a part of speech tagger to define gerunds. Finally, |
categorized the gerund-classed according to the character length. This was to show what distinguishes gerund-
classed keywords in heritage Arabic from gerund-classed keywords in contemporary Arabic. The two gerund-
classed keyword lists showed that word length average increased in the contemporary gerund-classed keywords,
due to social developments that generated new concepts developed and formulated by new suffixes. Also, short
gerund-classed keywords cannot express the new concepts.
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